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A Method of Car Insurance Purchase Intention Recognition Based on
Support Vector Machine

SHAO Yanfu XIE Dawei
(Guangzhou Joysim Technology Co., Ltd., Guangzhou 510000, China)

Abstract: Aiming at the problems of low efficiency and lack of predictability in traditional manual methods of judging whether
car owners intend to purchase car insurance, a car insurance purchase intention recognition method based on support vector machine
is proposed. Firstly, through standardization and principal component analysis dimensionality reduction, the 30 dimensional call data
is mapped to a 10 dimensional space, and under sampling strategy is adopted to solve the problem of imbalanced data samples; Then,
use SVM model to distinguish between interested and uninterested car owners. The experimental results show that the recognition
recall rate and false detection rate of the SNM model are 97.9% and 4.3%. This method can provide technical support for personalized
services of car insurance companies.
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