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Indoor Signage Detection Method with Super-resolution Reconstruction

YUAN Fei' RAO Rao!

ZHOU Guanghai® CHEN Weibin'

(1.School of Automation, Guangdong Polytechnic Normal University, Guangzhou 510450, China

2.Guangzhou Southern Surveying and Mapping Technology Co., Ltd., Guangzhou 510663, China)

Abstract: To address the low detection accuracy of distant indoor signage, this paper proposes an indoor signage detection

method with super-resolution reconstruction. Analysis of the monocular camera perspective imaging model reveals that the imaging

pixels of signage decrease with increasing shooting distance. By applying super-resolution reconstruction to images containing indoor

signage, the resolution of signage images is enhanced, thereby improving detection accuracy. Comparative experiments on the SVHN

dataset and a laboratory dataset demonstrate that images reconstructed at 2x and 4x super-resolution using SRCNN, SRResNet, and

SRGAN super-resolution reconstruction neural network model significantly outperform non-reconstructed images in signage detection

accuracy.

Keywords: super-resolution reconstruction; indoor signage detection; camera perspective imaging model; signage imaging

calculation method; object detection algorithms
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